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Motivation

How can we make Privacy Enhancing
Technologies (PETs) comprehensible
to users without a technical
background?

. Local differential
PETs being

adopted in ad
tracking and
analytics:

privacy

Google’s Topics

Research Questions

1. Does the process- and
implications-focused approach to PET
description work in the ad tracking and
analytics context?

2. Which aspects of the descriptions do
users understand accurately and
inaccurately?

Study Design

e Developed 10 PETs descriptions:
process vs.
process + [implications]

e Online survey experiment of 10
conditions; randomly assigned 356
participants

e Context: a hypothetical social media
platform

Key Insights

e Avoid noise, machine learning, and other
jargon

e Help users pinpoint the source of
privacy protection

e Provide more specificity about user data

QR code to poster abstract, survey
instrument, PETs descriptions, and
more results
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Our PET Descriptions (Examples)
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Key Findings
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e Process+implications LDP description works well
in ad tracking/analytics

e LDP implications statement has limited effect

e "Noise’ jargon is confusing
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e Process+implications approach can be
adapted to federated learning

e Implications work better

e Mixed understanding of machine learning &
model merging

*Our descriptions are inspired by Xiong et al.'s (IEEE S&P 2020) approach of combining PET process and its privacy implications
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e Process+implications approach can be
adapted to Google's Topics

e Adding implications doesn't hurt

e Mixed understanding of on-device data
processing & data sharing



